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The goal of this work is to explore methods of text data augmentation,
which involves creating new synthetic data similar to real ones, for machine
learning tasks where available data is limited. Generative data augmentation is
used to combat overfitting, but it has found limited application in Natural
Language Processing. Simple augmentation methods like random insertions,
replacements, and shuffling are too limited in their effectiveness. Substituting n-
grams with synonyms is another method that can be used for data augmentation,
as well as the application of intelligent models like Back translation and Style
augmentation. The use of generative models such as C-BERT is a popular
solution for the augmentation task. Prompt engineering is also becoming
increasingly popular for creating queries that prompt the model to provide
optimal responses.

im0 naHoi poOOTH € JOCTIHPKEHHS METOJIB ayrMEHTaIlll TEeKCTOBHUX
JMaHuX. AyrMEHTallis 11€ Ipoliec TeHepallli HOBUX CUHTETUYHUX JaHUX, CXOXKUX
Ha peaybHl, Ta TAKWX, K1 € PEHPE3CHTATUBHUMH JIJIS IPOIECY IO TOPOIKYE
peanbHi faHl. TexHIKM ayrMEHTaIlll BHUKOPHUCTOBYIOTHCS B 3ajadaxX, B SIKUX
HAsSIBHUX JAHUX HEIOCTAaTHBO.

Jlist 611b1IOCT] peanbHUX 3aja4 MamuHHoro HaBuyaHHs (MH) HemocTaTHs
KUIBKICTh JaHUX € 3HAYHOI NpoOjemMoro amke anroputMu MH cxuiibHi 110
nepeHaBYaHHs. OCHOBHOIO O3HAKOK TIEPEHABYAHHSA € 3HIDKEHHS SKOCTI
nepeadoavyeHHsT MOJIeNll Ha HOBHMX JAaHUX NpPH 30UIbIIEHHI CKIaAHOCTI MOJENI.
AyrmeHTariisi € OJHUM 3 OCHOBHMX 3ac00iB OOpOTHOM 13 IMEpEHABUYAHHSAM B
Computer Vision 3agauax. OpnHak, B 3agadax OOpOOKM NPHUPOAHOI MOBHU
3aCTOCYBaHHS BIATIOBITHUX IT1JIX0/IIB € 3HAYHO OLIBIIT OOMEKECHHM.

Haiinpocrimoro rpymnow migxoxiB € Simple data augmentations 110
BKJTIOUYAIOTh B ce0€ BUIAKOB1 BUJIaJICHHsI, BCTABKY, 3aMiHy Ta OOMIH MO3HIIISIMU
MDK cioBamMu a0o peueHHsMH. BcTaBka Ta 3amiHa 3a3Bu4Yail BiOyBaeTbCs
BHUIIQJIKOBUM CJIOBOM 31 CJIOBHMKA. JlaHa Tpymna MiaXoAiB BHUKOPHCTOBYETHCS
HalvacTime, aje Mae ayke 0OMeKeHY e(eKTHUBHICTD.

Hacrynna rpyna eBpuctuyHuX miaxoaiB ne Mix-up. [ns oTpumanss
HOBUX MPUKIAJAIB MH BHUIAJKOBUM YHMHOM IIEPEMILIYEMO TOKEHH 3 PI3HUX
CIIOCTEPEKEHb, OTPUMYIOUM TAKUM YHHOM a0COJIFOTHO HOBI CIOCTEPEIKEHHSI.
Xoua 1eit miaxig Mae ooMexeHy e(eKTUBHICTh, OJTHAK, € IOBOJII TOMYJISIPHUM.
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3amina cuHoHIMaMu. L{g rpyna miaxoxaiB nepeadayae 3aMiHy MEBHUX CIIIB
abo CJIOBOCTONY4YeHbh CHUHOHIMIYHMMH. CHHOHIMHU MOKHAa OTpPUMATH JBOMA
croco0aMu: CIIOBHUKM CHHOHIMIB Ta ceMaHTH4HI Tpadu 3HaHb. s
3aCTOCYBaHHS CEMAaHTHMYHOro Trpady 3HaHb HaM HEOOXIJHO 1100 B HHOMY
MICTWJIUCSL  BIJTHOIIEHHS THUIY «€ €KBIBAJIGHTHUM», SIKE MH MOXKEMO
BUKOPUCTOBYBATH SIK BI/IHOLIEHHSI CHHOHIMIYHOCTI.

Jloci My po3risgany Miaxoau, 1Mo He BuMararoTs Mozeneit MH. Ilepmmm
MIJX0J0M III0 BUKOPHUCTOBYE I1HTENEKTyalabHI Mojelli oOpoOku maHux € Back
translation. Bin € goBom edekTuBHUM 3aco6om ayrmeHTailli. CyTh MHigxomy
MoJIATa€ B TOMY MO0 MEPEKJIaCTH TEKCT 3 MOBHU OpHUTIHAIY Ha JOBUIBHY
(3a3BM4ail CX00i MOBHOi TpymH) MOBY, a OTPHUMaHHUl pE3yJbTaT 3HOBY
MEepeKIacTd MOBOK opuriHamy. lleit miaxig € A0BOJI JOCTYMHHM 1 HOTO
¢()EeKTUBHICTh OCHOBHOIO MIpPOIO 3aJICKUTh BiJl crieludiKK 3a7adi Ta MOJEI s
nepeKIialy TEKCTY.

CxoXuM 1 JOBOJII TMEPCIEKTUBHUM TMiaxoaoMm € Style augmentation, 1o
JI03BOJISIE MEPEHOCUTH CTWJIb Ta €MOIliiHE 3a0apBJCHHS HAa HasBHI TEKCTOBI
nani. Hampukiman, MM MOXEMO TMEpEeTBOPUTH HAyKOBUH TEKCT B CYBOPO
JJIOBOMY CTHJII B TEKCT, 1110 CBOEIO (POPMOIO HAraaye BiJOMUX JIITEPATOPIB.

['enepatuBHa ayrmeHTanis, O€3yMOBHO, € HaWOUIbII MNEPCHEKTUBHUM
GpPOHTUPOM B KOHTEKCTI 3aJadi 10 PO3TIISAAETbCS B JaHIM  poOOTI.
HaiinonynsipHiine pimeHHs: 3aja4l ayrMeHTallli TeHepaTUBHUMHU MOJIEIISIMU 11€
BUKOpHUCTaHHA pre-trained mMojeneil, 3 OMNiioHaJIbHUM JIOHABYAHHSM. 3a3BUYail
JIOHABUaHHs BigOyBaeThcsa Ha supervised learning 3amauax. B momanmbemiomy
puxoBaHi mapu HelpoHHoi Mepexi (HM) ta ix Baru BUKOPUCTOBYIOTHCS IS
CTBOPEHHSI HOBOI MOJIENIi, 110 BUKOHYE 3a7ady TpaHchopmarlii TekcTy. JJoBoui
HOMYJIAPHOIO, B paMKax Iiporo miaxoay € moaens C-BERT (Conditional BERT).

Takox BeaMKOI MOMYJSPHOCTI Hapa3l HAOMpae 3aCTOCYBAHHS BEIMKUX
MoBHMX Mmozene (LLM) ngns nmanoi 3amaui. lleit migxin nependadae
BUKOpPUCTaHHs promt-engineering sl CTBOPEHHS 3alUTIB, IO 3MYLIYIOTh
MOJIeJIb HaJaBaTH HANOIbII ONITUMAJIBHY BIJITIOB1/Ib.
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