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ONLINE CREDIBILISTIC FUZZY CLUSTERING OF DATA WITH GAPS
The problem of data sets described by vector-images clustering often occurs in many applications associated with Data Mining, when processed vector-images with different levels of credibilies, probabilities, possibilities or memberships, can belong to more than one class [1].

In this situation, when the data sets contain missing values, more effective is to use mathematical apparatus of Computational Intelligence and artificial neural networks, that solve the problem of clustering without recovery of data.

Existing approaches for data processing with gaps, are efficient in cases when the massive of the original observations is given in batch form and does not change during the processing.

In this regard we have introduced [2] the adaptive neuro-fuzzy Kohonen network to solve the problem of clustering data with gaps based on the strategy of partial distances (PDS FCM).
Algorithms of credibilistic fuzzy clustering [3, 4], based on the apparatus of the theory of credibility [9], are devoid of these shortcomings. As part of this approach in the calculate process to evaluate not only the fuzzy membership levels, but also credibilities levels based on a membership measure of a special type [5].
The most popular method of probabilistic fuzzy clustering is associated with minimizing the goal function [6]
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Adopting instead of Euclidean metric partial distance (PD), we can write the goal function of the type (1) as
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where 
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with constrains 
[image: image4.wmf]1

()1,

m

q

q

Uk

=

=

å

 
[image: image5.wmf]1

0().

m

q

q

UkN

=

<<

å


and solving nonlinear programming problem, we obtain the algorithm
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where 
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 – learning rate parameter.

Therefore, from a computational point of view, the online algorithm for credibilistic fuzzy clustering of data with gaps.
Conclusion

The problem of online fuzzy clustering based on credibilistic approaches based on the partial distance strategy and processing of data with gaps was proposed. The considered methods are simple in numerical implementation, being essentially gradient procedures for optimizing objective functions of a special type.
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