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Today classification tasks are highly used in many different cases from
detecting fraud in banks and faults on electric stations to sports betting. Such
algorithms as Logistic Regression, Naive Bayes, MLP etc. are in demand. But
one of the bottlenecks of these methods is problem when appears uncertainty. In
this case classifiers based on Dempster-Shafer theory provides good
performance. It converts features into Dempster-Shafer mass function that gives
normalized plausibilities which are more informative than common output
probability distribution from other classifiers. The theory allows to determine
the degree of belief (confidence) in the classifier’s decision.

Buxopucrtanust teopii Jemncrepa-Illagepa y 3amauax knacudikamii €
palioHaILHUM PIIIEHSIM, KOJIM B HAC € HEOJHO3HA4yHICTh. Bci MoxnuBi momii
3a1al0TbC MHOXHUHOIO O Ta (QyHKIi€0 Macu, sKa BiToOpakae YacTKH
JOCTOBIPHOCT1 KOXHOI 3 MOMA1M. Y MHOXUHY O BXOJATH MycTa MHOXHUHA (), 3
Macol0 HyJlb, BC1 MOXKJIMBI MOAIT Ta iX BJacHI MiJIMHOKMHU 32 YMOBH, L0 Maca
nmoali HE 3aJa€ HIIKUX JOJATKOBUX TBEP/KCHb IOAO 1i MIAMHOXHH, Ta
yHiBEepcaJlbHa MHOXHWHA, sIKa ONKMCYe HeBHU3HaueHicTb. CyMa Mac 1uX MOAIN
CKJIaJlac OJuHULII0. TakoXX 3aBISKU TakuM MipaMm, sK JoBipa (1) Ta
MpaBaoONOAIOHICTh (2) MOXHA 3aJaTH 1HTEpBal, y KoMy OyJe 3HaXOIAUTHUCH
HWMOBIPHICTh MOSIBU MO/11 3 MHOXKHUHU 0.
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JIBi ¢dyHKIII MacH, [Ki MOKAa3ylOTh HE3aJleXHI YacTKH JOCTOBIPHOCTI
MOXXYTbh OyJIM CKOMOIHOBaH1 3aBAsKU MpaBuiy Jlemmcrepa:
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JIe AC 8, A= 0Tak— Mipa KOHQIIKTY MI>)K HabopamMu Mac.
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MoskHa 3acTOCyBaTH 110 Teopito Juisi OiHapHOT Kiacudikallii, KOJu B HAaC €
TUIBKH JBa KjJacH, ToOTO e = {5,,5,}. ToAl npeAacTaBUMO Hallll O3HAKU Y BUIJIS1
BEKTOPY ¢(x) JOBXKHMHOIO j, a Macu NOAii OyAyThb pO3paxoBYyBaTUCS SIK
koMOiHaIiss 3a mnpaBwioM Jlemmncrepa Uit moAli 3 JOJAaTHBOK Baroro
JIOCTOBIPHOCTI Ta 3 BIJI’€MHOIO Barow JJisi NPOTWIKHOI MOJIi, Baru SIKUX
JOPIBHIOTH:

w; :=B; - $;(x) + a, 4)

e o; Ta f; — Koe(iII€EHTH; 3HAK BariB BIAMOBIIA€E TOMY BIAOYIUTHCS MOAIS UM HI.

Jlani macu pizHUX O3HaK OyAyTh 00’ €aHaHi 3a ¢hopmyioro (3), Ta 3aBASKU
OTpUMaHI# Maci Moxke OyTH po3paxoBaHa Mipa mpaBaomnoaiOHocti (2) aus
BIIMOBIA1 MOAENI, K 4YacTKa NpaBAONOAIOHOCTI OKpeMOi MOAll 10 CyMH
npapjaonoaioHocTeld Bcix moxaid. IloBHa cxema kimacudikaTopa 300pakeHa Ha
puCyHKy 1.
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Pucynok 1 — ApxiTekrypa kiacudikatopy Ajsi OiHapHOTo BUMAIKY [1]

Orxe, 3aBasku kinacudikaropy Ha ocHoBi Teopii [emmcrepa-Illadepa
MOKHA OTpHUMAaTH HOPMaJli30BaHl 3HAYEHHS MPaBIONOMAIOHOCTEH s MO,
oTpuMaHuX 3aBAsku (GyHKII Macu. L{g ¢pyHKIlis Mae OUIbIIe CTyNEHIB CBOOOH,
TOMY II€ Ja€ MOXJIMBICTh POOUTH Kpallli BIAMOBIII Y BUIAJIKaX HECTaul CBIIYEHb
abo ix koH@mikTHOCTI. [lei migxig MoKHa peanizyBaTH AJisl BAOCKOHAJIECHHS
IIMPOKOTO Jlara3oHy alrOpPUTMIB, BKIIOYAIOUM HEUPOHHI MEpexi, skl 3apas
KOPHUCTYIOThCSI BEJIMKUM 1HTEPECOM.
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