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Implementation of Artificial Intelligence in EU Industry: Trends analysis

Thearticleanalyzes current trendsin the implementation of artificial intelligence (AI) technologies in manufacturing
in the European Union. It is established that since 2018, the EU has evolved from the formation of basic regulatory
frameworks to a comprehensive architecture aimed at integrating Al into economic systems, production processes, and
organizational models.

It was found that the share of enterprises using at least one Al technology increased from 6.93% in 2021 to 17.27% in
2025, indicating a shift from fragmented use to systematic integration of Al in production and management processes.
The analysis of high-tech (KTI) and traditional (non-KTI) sectors revealed clear structural differences: in 2025, the
highest levels of AT adoption among KTT sectors were recorded in pharmaceutical manufacturing (41.32%), computer,
electronic, and optical equipment production (37.44%), chemical manufacturing (28.45%), electrical equipment
manufacturing (25.90%), and mechanical engineering (25.45%). This reflects the high intensity of digitalization in
knowledge-intensive sectors, where Al is integrated into production and innovation processes.

It was determined that national AI adoption trajectories in 2021-2025 form two groups: 1) countries with a high
initial base (over 10%), including Denmark, Luxembourg, the Netherlands, Germany, Slovenia, Austria, Belgium, and
Sweden, demonstrate stable digital transformation; 2) countries with a lower starting base, such as Estonia, Lithuania,
Ireland, and Malta, show accelerated growth. For Ukraine, research priorities are justified: assessing the efficiency of
digital transformation under limited resources, integrating ICT and AI into traditional manufacturing and service
sectors, and identifying factors that stimulate digital innovation.

The results may serve as a scientific basis for improving strategic documents on the digitalization of Ukraine's
economy, promoting high-tech sectors, supporting traditional sectors through AT access, standardizing solutions and
personnel training, and considering European regulatory approaches to integrate Ukrainian manufacturing into the
EU digital space.

Key words: artificial intelligence (Al), digitalization, high-tech sectors, public policy, innovation, manufacturing,
digital transformation.

Problem Statement. The rapid development of
artificial intelligence (AI) technologies is causing profound
transformations in economic systems, production
processes, and organizational models. In industry, AT is
becoming a key factor in increasing efficiency by enabling
the automation of production, the processing of large
volumes of data, and the support of managerial decision-
making. The use of Al technologies creates new sources

of competitive advantage in industrial sectors, where
the optimization of production, logistics, and control
processes, quality management, and decision-making
support at all levels of the organization directly affect
productivity.

In recent years, the EU has been building a
comprehensive regulatory and strategic environment for
the development of Al, which is intended to serve as a
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geopolitical response to the dominance of the United States
and China in the digital sphere. While the American model
is based on the expansion of private technology giants and
the Chinese model on centralized state governance, the
European strategy emphasizes the autonomy and security
of critical industrial sectors. The integration of Al into
the industrial core, particularly in Germany, is aimed at
enhancing technological sovereignty and protecting the
intellectual capital of European manufacturers, ensuring
the autonomy of key industrial sectors and strengthening
competitive positions in global markets.

Despite a thorough study of policy instruments
and the regulatory framework for Al, researchers often
overlook the quantitative assessment of the concentration
level of enterprises implementing AI technologies in
industry. This applies to both the pan-European level and
the specifics of individual sectors in EU member states.
Conducting such an economic and statistical analysis will
allow not only for recording the current state of Al use but
also for identifying trends formed under the influence of
regulatory policy and dynamic market conditions.

Analysis of current research. Analysis of scientific
literature indicates that Al technologies are considered a
key driver of digital transformation within the Industry
4.0 concept [1-3]. Al is presented as a tool for increasing
productivity, product quality, cost efficiency, and
improving decision-making skills.

At the same time, significant attention is paid to the
barriers to Al implementation [4; 5]. Key limitations
include ethical and legal aspects, issues of data protection
and privacy, insufficient levels of personnel training,
as well as technical and organizational difficulties,
particularly integration with existing systems, scalability,
and the reliability of technological solutions.

Methodologically, studies combine qualitative
and quantitative approaches. On one hand, systematic
reviews, bibliometric, and content analyses are used,
aimed at generalizing the scientific discourse [6]. On
the other hand, empirical research utilizes surveys and
econometric methods, particularly the partial least
squares structural equation modeling (PLS-SEM), to
assess the impact of Al on organizational outcomes,
productivity, and personnel development [7]. Thematic
reviews and case studies complement these approaches
with an analysis of the practical aspects of Al integration
into production systems [8; 9].

Thus, modern scientific literature points to the
significantrole of Alasadriver of the digital transformation
of industry and emphasizes the need for a comprehensive
approach to its implementation, combining technological,
organizational, managerial, and personnel components.
At the same time, a limited number of studies are
devoted to the quantitative assessment of the level of
Al integration in a sectoral context and the analysis of
digitalization dynamics considering the technological
level of production.

In this context, the purpose of the article is to assess
the trends of AI integration in the EU manufacturing

industry in 2021-2025, analyze the concentration of
enterprises using Al by types of economic activity taking
into account the technological level of industries, and
compare national trajectories of Al usage.

Sources and methods. The study relies on official
international statistical data and analytical materials,
ensuring the comparability and reliability of the results.
The primary sources are Eurostat databases, specifically
indicators of AI adoption by enterprises, as well as
World Bank data, which complement the analysis with
the macroeconomic context of digital transformation.
Additionally, scientific publications and analytical reports
have been used to form the theoretical basis of the
research.

The methodology combines economic-statistical and
comparative approaches. Economic-statistical methods
allow for estimating the share of enterprises using Al in
various sectors of the EU manufacturing industry (2021-
2025), determining growth rates and changes, as well as
constructing time series to identify digitalization trends.
The comparative approach ensures the juxtaposition of
Al integration levels between industries and countries,
the analysis of structural differences between high-
tech and traditional sectors, and the assessment of
Al implementation effectiveness in functional areas
of enterprise activity, such as production, logistics,
marketing, research and development, cybersecurity,
and finance. This combination of methods enables a
comprehensive analysis of industrial digitalization,
where statistical data form the quantitative basis, and
comparative analysis reveals inter-industry and cross-
country patterns of Al integration.

Presentation of the main research material.
Since 2018, the European Union has consistently
formed a regulatory and strategic environment for
the implementation of AI technologies, starting with
the “Artificial Intelligence for Europe” initiative [10],
the creation of the High-Level Expert Group on Al
[11], and the adoption of the “Coordinated Plan on
Artificial Intelligence” [12], which laid the foundation
for the European approach to developing trustworthy
and ethical AI. These initiatives are aimed at forming
regulatory frameworks, strengthening coordination
between member states, and developing an ecosystem of
industrial research and technological innovation in the
industry.

In 2020, the EU published the “White Paper on
Artificial Intelligence” [13], which defined the principles
for the ethical and risk-oriented development of AI, and
also initiated the scaling of data infrastructure through
the European Data Strategy [14] and the Data Governance
Act [15], which contributed to the formation of European
data spaces for training industrial AI models. In 2021,
the updated Coordinated Plan on Artificial Intelligence
[16] strengthened coordination between member states
and created the prerequisites for stimulating investment,
scientific research, and the practical implementation of
technologies in strategic sectors of the economy.
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Key regulatory milestone was the adoption of
the Artificial Intelligence Act [17] - the world's first
comprehensive regulation implementing a risk-based
approach to the assessment of AI systems. To ensure
its practical implementation, the European AI Office
was established [18], which coordinates the application
of norms, develops technical standards, and codes of
practice, transforming regulatory requirements into
applied tools for developers and users.

In 2024-2025, the EU introduced a series of initiatives
aimed at accelerating Al implementation and stimulating
innovation, including the AI Innovation Package [19],
the GenAI4EU initiative [20], as well as the Continental
AT Action Plan [21] and the AI Application Strategy
[22], which are focused on developing competencies,
expanding access to computing resources, and integrating
Al into key economic sectors, including industry.

Thus, the regulatory and institutional environment
formed in the EU creates conditions not only for the
safe and ethical use of AI but also for accelerating
technological development and strengthening industrial
competitiveness. At the same time, to assess the
effectiveness of these measures, it is necessary to move
from policy description to its empirical measurement.
In this context, monitoring innovation and investment
development and the digitalization of business structures
plays an important role. As noted in the work of one of the
authors [23], such monitoring is a key tool for ensuring
the strategic resilience and competitiveness of enterprises.
In particular, it allows for the systematic control of the
implementation of digital technologies and innovations,
timely identification of risks and threats, assessment of
the effectiveness of investments in digital solutions, and
the formation of evidence-based management strategies
that contribute to increasing the productivity and
technological maturity of organizations.

Against this background, the assessment of the
effectiveness of policy initiatives in the field of Al is carried
out based on a systematic quantitative analysis of the level
and nature of technology implementation at enterprises.
To ensure such an analysis, a specialized monitoring
toolkit has been formed in the EU. In particular, Eurostat
has introduced an annual survey based on a dedicated
questionnaire, which is implemented by the national
statistical authorities of the member states. Starting
from 2020, in cooperation with the OECD, the survey
was gradually supplemented with questions regarding
AT usage, which became part of the harmonization of
statistical tools for tracking the dissemination of advanced
digital technologies. After the pilot testing phase of relevant
questions, since 2023, they have been fully integrated
into the standard questionnaire, enabling the systematic
measurement of AT implementation at the enterprise level.
The methodology for data collection and processing is
standardized at the EU level. Eurostat provides detailed
recommendations in the European Business Statistics
Handbook on ICT usage in enterprises, which regulate
the procedures for the compilation, validation, and

dissemination of statistics on Al usage. The data processing
process covers four main stages: the formation of national
data; its submission to Eurostat; quality assessment
and validation; and publication in open access. Such
an organization ensures the comparability of statistical
indicators between countries and overtime, creating a basis
for evaluating the effectiveness of the implementation of
the EU's strategic and regulatory initiatives [24].

At the same time, given the structural heterogeneity
of the industry, this study proposes to deepen the
methodology for analyzing AI implementation by
considering the technological level of sectors. Such an
approach allows for a more accurate identification of
knowledge-intensive segments, the revelation of inter-
sectoral disparities, and an increase in the analytical
validity of digital transformation assessments.

To analyze the use of AI in industry, classifications
and aggregations of sectors by technological level
were applied. According to the Eurostat NACE Rew.
2 classification, high-technology and medium-high-
technology sectors include: chemicals and chemical
products (C20); basic pharmaceutical products and
pharmaceutical preparations (C21); weapons and
ammunition (C25.4); computer, electronic and optical
products (C26); electrical equipment (C27); machinery
and equipment not elsewhere classified (C28); motor
vehicles, trailers and semi-trailers (C29); other transport
equipment (C30, excluding C30.1); medical and dental
instruments and supplies (C32.5). To ensure data
comparability, three-digit codes are aggregated into two-
digit ones. At the same time, certain sub-sectors have a
different technological level, which requires adjustments
to the classification to avoid statistical distortions: thus,
C25.4 belongs to medium-low-technology sectors, while
C32.5 belongs to low-technology sectors [25]. As a result,
at the two-digit level, the corresponding group includes
C20, C21, C26-C30.

According to the OECD approach, industrial sectors
are classified by the level of technological intensity. In
alignment with this approach, the U.S. National Science
Foundation (NSF) combines high-technology and
medium-high-technology manufacturing into a category
of knowledge- and technology-intensive industries (KTI
industries) [26].

Given the aforementioned classifications and
aggregations, the industrial sectors in this study are
divided into KTI industries (sectors under codes
C20, C21, C26-C30 NACE Rev. 2) and non-KTI
industries (other manufacturing sectors). Hereafter, the
abbreviations KTI and non-KTI are used in the text.
The use of such aggregation generalizes the analysis
results while ensuring their analytical relevance, focusing
attention on technologically complex and knowledge-
intensive industrial segments where AI implementation
is most intensive and economically significant.

Based on the Eurostat database [27], the share of EU
enterprises (with 10 or more employees) that apply at
least one of the key artificial intelligence technologies has
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been assessed. According to Eurostat methodology, such
technologies include: machine learning, including deep
learning; natural language processing; image and video
recognition systems; text data analysis; decision support
and forecasting systems; robotic process automation;
autonomous robots and transport systems; and integrated
Al-based solutions for optimizing production and
business processes.

As shown by the data in Figure 1 (constructed by the
authors based on [27]), the share of enterprises in the
manufacturing industry using at least one AI technology
increased from 6.93% in 2021 to 17.27% in 2025
(+10.34 p.p.), reflecting a transition from fragmented
implementation to more systematic integration of Al into
production and management processes.

18

An analysis across KTI and non-KTT sectors (Table
1, constructed by the authors based on [27]) reveals
distinct structural differences in the pace and scale of
digitalization. In 2025, the highest levels of AI utilization
among KTT industries were recorded in pharmaceutical
manufacturing (C21) at 41.32% (+25.59 p.p. compared to
2021), the manufacture of computer, electronic, and optical
products (C26) at 37.44% (+20.61 p.p.), the chemical
industry (C20) at 28.45% (+18.68 p.p.), the manufacture
of electrical equipment (C27) at 25.90% (+15.51 p.p.),
and machinery and equipment manufacturing (C28)
at 25.45% (+13.60 p.p.). This indicates a high intensity
of Al implementation in knowledge-intensive sectors,
where digital technologies are directly integrated into
production and innovation processes.

%
16

14

12 4
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17,27

2021

2023

2024 2025

Figure 1. Dynamics of AI implementation in the EU manufacturing industry

As shown by the data in Fig. 1 (constructed by the
authors based on [27]), the level of AI utilization in non-
KTI industries remains lower (mostly within the range
of 12-17%), however, certain sub-sectors demonstrate
relatively high values. In particular, in the manufacture
of coke and refined petroleum products (C19), this
indicator reached 30.41%, which is associated with
high capital intensity and the need for digitalization
of continuous production processes. Other industries,
such as the wood and paper industries (C16-C18),
where the analyzed indicator is 15.63%, and furniture
manufacturing (C31-C33), at 17.16% respectively, are
characterized by slower rates of Al implementation,
due to lower technological complexity and limited
investment opportunities.

Analysis of the dynamics in 2021-2025 demonstrates
the uneven distribution of AI across industry groups. In

KTI industries, the increase ranges from 12.5-25.6 p.p.,
while in non-KTI sectors it is 7.4-9.3 p.p., leading to a
widening inter-industry gap. While in 2021 the share
of enterprises using AI in KTT industries ranged within
9.8-16.8% and in non-KTI within 3.7-7.9%, by 2025
these intervals shifted to 23.9-41.3% and 12.0-17.2%,
respectively.

As already noted, in 2025, 17.3% of enterprises in
the EU manufacturing industry applied at least one AI
technology. As shown by the data in Figure 2 (constructed
by the authors based on [27]), against this background, a
group of leading countries stands out, including Belgium
(39.8%), Denmark (38.6%), Luxembourg (37.6%), Sweden
(32.9%), Austria (32.5%), the Netherlands (28.6%),
Norway (26.0%), Germany (24.4%), Slovenia (22.7%),
Estonia (22.7%), Lithuania (19.2%), Ireland (17.7%), and
Malta (17.8%), which exceed the European average.
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Table 1
Dynamics of AI implementation by EU manufacturing industries*
(%)
NACE Rev. 2 KTI/ non-KTI 2021 2023 2024 2025 Growth 2021-2025 (p. p.)

C10-C12 non-KTI 5.04 5.42 6.79 12.47 7.43
C13-C15 non-KTI 3.66 4.16 5.98 12.01 8.35
C16-C18 non-KTI 6.35 5.04 9.37 15.63 9.28
C19 non-KTI 17.81 13.92 20.35 30.41 12.60
C20 KTI 9.77 11.07 16.7 28.45 18.68
C21 KTI 15.73 17.32 25.82 41.32 25.59
C22-C23 non-KTI 7.91 7.68 11.98 16.77 8.86
C24-C25 non-KTI 5.94 5.68 8.59 14.33 8.39
C26 KTI 16.83 16.89 25.29 37.44 20.61
C27 KTI 10.39 10.64 16.37 25.9 15.50
C28 KTI 11.85 9.83 14.85 25.45 13.60
C29-C30 KTI 11.39 11.58 14.59 23.86 12.47
C31-C33 non-KTI 4.70 5.21 11.45 17.16 12.46

Note: C - Manufacturing; C10-C12 — Manufacture of food products, beverages and tobacco products; C13-C15 - Manufacture of textiles, wearing
apparel, leather and related products; C16-C18 - Manufacture of wood and paper products, printing and reproduction services; C19 - Manufacture
of coke and refined petroleum products; C20 - Manufacture of chemicals and chemical products; C21 — Manufacture of basic pharmaceutical
products and pharmaceutical preparations; C22-C23 — Manufacture of rubber and plastic products and other non-metallic mineral products;
C24-C25 - Manufacture of basic metals and fabricated metal products, except machinery and equipment; C26 — Manufacture of computer, elec-
tronic and optical products; C27 - Manufacture of electrical equipment; C28 — Manufacture of machinery and equipment not elsewhere classified;
C29-C30 - Manufacture of motor vehicles, trailers, semi-trailers and other transport equipment; C31-C33 - Manufacture of furniture; jewelry,
musical instruments, toys; repair and installation of machinery and equipment.

The analysis of national trajectories in 2021-2025
allows for the identification of two groups of countries
based on the starting conditions for Al implementation.
The first group includes states with a relatively high initial
base (over 10%), in particular Denmark, Luxembourg, the
Netherlands, Germany, Slovenia, Austria, Belgium, and
Sweden. For these countries, maintaining high positions
in 2025 is characteristic, with varying growth intensities,
reflecting the sustainability of digital transformation
and the presence of an established ecosystem for Al
implementation.

The second group includes countries with a lower
starting base but higher growth rates. For instance,
between 2021 and 2025, the level of AT utilization rose in
Estonia from 2.7% to 22.7%, in Lithuania from 5.1% to
19.2%, in Ireland from 8.8% to 17.7%, and in Malta from
6.2% to 17.8%. Such dynamics indicate an accelerated
convergence effect, where a lower initial level does not
act as a constraint but is instead accompanied by faster
adoption of digital technologies.

Germany was selected for in-depth analysis due to
a combination of factors. First, the country's economic
scale: according to World Bank data [28], in 2024, the
volume of its manufacturing industry amounted to
$843.72 billion, or approximately 30.25% of the total EU
industrial output. Second, the structural diversification
of the country's industry - particularly the presence
of developed mechanical engineering, automotive,
chemical, and electronic sectors — allows for the analysis
of Al implementation across diverse technological
environments. Third, the level of digitalization: in
2025, the share of enterprises using Al stood at 24.4%,

exceeding the EU average. The combination of these
factors identifies Germany as a representative subject for
analysis.

As shown by the data in Table 2 (constructed
by the authors based on [27]), the dynamics of AI
implementation in Germany's manufacturing industry
indicate a transition from the stage of experimental use to
a phase of large-scale technological diffusion. At the same
time, a structured model of Al distribution is forming,
characterized by a clear differentiation between KTI
and non-KTI sectors, which is becoming increasingly
pronounced over time.

In the KTI segment, steady leadership is maintained
both in terms of Al penetration and its growth rate. The
highest indicators were recorded in the manufacture
of computer, electronic, and optical products (C26),
where the share of enterprises reached 42.49% in 2025
(+24.38 p.p.). High dynamics are also characteristic of
the pharmaceutical sector (C21), where growth from
16.84% to 38.25% reflects the critical role of Al in
biomedical research. Mechanical engineering (C28)
and transport manufacturing (C29-C30) reached levels
exceeding 30%, which aligns with the transformation of
traditional industry toward smart manufacturing.

At the same time, a catch-up development effect is
observed in non-KTI industries. Despite lower initial
levels, these sectors demonstrate the highest growth
rates. In particular, in the wood, paper, and printing
industries (C16-C18), the indicator rose by 18.52 p.p. to
27.38%, and in textile manufacturing (C13-C15) - from
6.8% to 22.6%. This indicates a reduction in barriers to
Al implementation and the gradual standardization of
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Figure 2. Dynamics of AI implementation in the manufacturing industry by EU countries*

Note: Belgium (BE), Denmark (DK), Luxembourg (LU), Sweden (SE), Austria (AT), Netherlands (NL), Norway (NO), Germany (DE), Slovenia
(SI), Estonia (EE), Lithuania (LT), Malta (MT), Ireland (IE), EU27, Spain (ES), France (FR), Czechia (CZ), Slovakia (SK), Italy (IT), Croatia (HR),
Latvia (LV), Portugal (PT), Bosnia and Herzegovina (BA), Hungary (HU), Greece (GR), Poland (PL), Tiirkiye (TR), Serbia (RS), Bulgaria (BG),
Montenegro (ME), Cyprus (CY), Romania (RO).

Table 2
Dynamics of AI implementation
by German manufacturing industries*
(%)
NACE Rev. 2 KTI / non-KTI 2021 2023 2024 2025 Growth, p. p.
C - 9.19 9.32 16.11 24.38 15.19
C10-C12 non-KTI 5.26 6.89 9.25 15.1 9.84
C13-C15 non-KTI 6.8 7.61 15.67 22.6 15.8
C16-C18 non-KTI 8.86 6.05 15.8 27.38 18.52
C19 non-KTI H/n H/x 40.35 45.65 5.3
C20 KTI 13.94 15.45 23.02 34.14 20.2
C21 KTI 16.84 14.43 38.25 H/TT 23.82
C22-C23 non-KTI 8.45 10.53 18.98 22.05 13.6
C24-C25 non-KTI 6.58 8.49 12.69 21.54 14.96
C26 KTI 18.11 19.65 28.73 42.49 24.38
C27 KTI 15.48 12.49 19.84 29.37 13.89
C28 KTI 15.65 10.91 20.13 31.28 15.63
C29-C30 KTI 17.7 16.18 20.85 30.92 13.22
C31-C33 non-KTI 6.05 6.48 15.68 22.94 16.89

Note: For C21, data for 2025 is unavailable, therefore growth is shown for 2021-2024; for C19, growth is calculated for 2024-2025, as data for
2021-2023 is unavailable; n/a indicates the absence of data or the irrelevance of the category for a specific year.

technologies, which expands their application in less
knowledge-intensive industries, where they are primarily
used for process optimization and increasing operational

efficiency.

As the data in Table 2 shows (constructed by the
authors based on [27]), the manufacture of coke and refined
petroleum products (C19) occupies a distinct position,

with the highest level of Al application recorded at 45.65%
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in 2025. This result is driven by the high complexity and
continuity of production processes, as well as increased
requirements for safety and environmental control.

The overall indicator for the manufacturing industry
(Section C) grew by 15.19 p.p. between 2021 and 2025,
reaching 24.38%, which signifies the integration of AI by
approximately every fourth enterprise in the sector.

Thus, the results of the analysis indicate the formation
of a two-circuit model of AI diffusion in industry: KTI
industries perform the function of generating and testing
innovations, while non-KTI industries ensure their
scaling, forming an effect of broad technological diffusion.

Conclusions and recommendations. From 2018 to
the present, the EU has evolved from establishing basic
regulatory frameworks to a comprehensive architecture
aimed at the development and integration of Al into
industrial and social processes. The implementation
of these strategies creates conditions for the systemic
integration of technologies into production and allows
for the assessment of policy effectiveness and the level of
digitalization of industrial enterprises.

The study showed that in 2021-2025, the integration
of Al into the EU manufacturing industry demonstrates
steady growth with a clear division between high-
tech and traditional sectors. KTI industry enterprises
are characterized by the highest intensity of Al
implementation. The pharmaceutical industry and
the manufacture of computer, electronic, and optical
products stand out particularly, as the concentration
of digital technologies there is at its maximum. KTI
industries form the core of digital transformation,
ensuring high levels and rates of Al adoption, while non-
KTI sectors are gradually integrating into pan-European
digitalization processes. Some non-KTI sectors, notably
the manufacture of coke and refined petroleum products,
demonstrate the potential for accelerated technological
renewal based on AL

Germany maintains leading positions in the
implementation of AI within the manufacturing industry
and effectively defines EU trends. In the KTI segment,
leadership is held by pharmaceuticals, the manufacture
of computer, electronic, and optical products,
mechanical engineering, and the production of transport

equipment. Al is applied systematically and supports the
transformation of traditional processes toward smart
manufacturing. Non-KTI industries demonstrate a catch-
up development effect. Despite lower starting levels, Al
adoption rates are high, particularly in the wood, paper,
and textile industries. The exceptional intensity in the
manufacture of coke and refined petroleum products is
explained by the complexity of technological processes,
where AI controls parameters, optimizes modes,
predicts failures, and increases productivity and energy
efficiency. Overall, the integration of AI into Germany's
manufacturing industry is systemic, and the two-circuit
model-in which KTT leaders generate innovations and
non-KTI sectors disseminate them-reflects the pan-
European trend of digital transformation.

For Ukraine, the prospects for further research
should focus on studying the implementation of AI across
various types of enterprises, assessing the effectiveness of
digital transformation under resource constraints, and
integrating ICT and Al into traditional sectors. It is also
important to identify the factors that promote or hinder
the development of digital innovations. This will become
particularly relevant following the launch of state statistical
monitoring of AT use in enterprises in 2026, which the State
Statistics Service of Ukraine plans to conduct [31].

The results of such research can serve as a scientific
basis for shaping state support for innovation, bridging
the technological gap, and enhancing the competitiveness
of Ukraine's industry. Specifically, within the framework
of implementing strategic documents on the digital
development of innovation activities, it is recommended
to prioritize the stimulation of high-tech sectors
(pharmaceuticals, electronics, robotics), which form the
core of digital transformation and generate innovative
products.

It is also essential to support traditional industries
to ensure a catch-up development effect through access
to AI technologies, the standardization of solutions,
and personnel training. When planning national AI
implementation policies, European political instruments
and regulatory approaches should be taken into account,
which will facilitate the effective integration of Ukrainian
industry into the European digital space.
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YrpoBaj KeHHA IITYYHOTO iHTeNeKTy y mpoMucnosictb €C: aHami3 TeHIeHILiii

Y crarTi npoaHasisoBaHO CyvacHi TeH/eHIIl yIpOBaKeHHs TeXHO/IOrii mry4yHoro intenexry (III) y mepepo6-
Hill mpomucnoBocti €pporeiicbkoro Cotosy. BcranosneHo, mo 3 2018 p. €C mpoitimos eBomoLio Bix GpopMyBaHHA
6a30BIX PEryIATOPHUX PAMOK 0 KOMIUIEKCHOI apXiTeKTypH, CIIpsIMOBaHOI Ha iHTerpaito II1] B ekoHOMI4HI cucTem,
BUpPOOHNYI ITPOLIecH Ta OpraHisawiiiii Mogeti.

BuaBneHo, mo 4acTKa MiJIPUEMCTB, O 3aCTOCOBYIOTH HIOHaliMeHIIe ofiHy TexHonorito I, spocma 3 6,93%
y 2021 p. o 17,27% y 2025 p., 0 CBig9uTh IpoO Iepexin Bif ¢pparMeHTapHOTO BUKOPUCTAaHHA JO CUCTeMHO] iHTe-
rpauii IIII y Bupo6Hwyi 71 yrpasmiHCbKi mponecu. AHani3 BucokorexsHonorivaux (KTI) ta tpagnuiranx (non-KTT)
rajyseil I0Ka3aB 4iTKi CTPYKTYpHIi BifiMiHHOCTI: y 2025 p. HatBumii piBHi sacrocysanHns IIII cepen KTI-ramyseit 3a-
¢ikcoBano y dapmaneBTuaHOMy BUPOOHUUTBI (41,32%), BUPOOHNIITBI KOMIT'IOTEPHOI, €IEKTPOHHOI Ta OINTUYHOL
nponykuii (37,44%), ximiuHilt mpomucioBocTi (28,45%), BUpOOHUIITBI eIeKTpOTeXHiYHOro ob6agHanHs (25,90%) Ta
MamnHo6yayBanHi (25,45%). Lle Bifo6parxkae BUCOKY iHTeHCHBHICTD umdposisarii HaykoeMHUX ceKTopis, me 1T in-
TETPyEThCsl y BUPOOHNYI Ta iIHHOBALIITHI IIPOIIeCH.

BcTaHoBIeHO, 1o HaLlioHa/IbHI TpaeKTopii ynposamxenss 11 y 2021-2025 pp. dopmyroTs ABi rpymn: 1) Kkpainu
3 BIICOKOIO [TOYATKOBOIO 6a3o0to (rmonax 10%), soxkpema Bernbris, Janis, JTiokcem6bypr, IlIBewis, ABctpis, Hifeprammm,
Hopseris, HiMeuunHa feMOHCTPYIOTH CTATiCTD udpoBoi TpaHchopMaril i KOHIEHTPALi0 MAIPUEMCTB, LIO 3aCTO-
COBYBa/IN ILIOHAlMeHIIe ogHy TexHororito 11, Buury 3a cepentio o €C; 2) fep)KaBu 3 HIDKYOIO CTAPTOBOIO 6a301o,
taki Ak Ectownis, JIutsa, Ipmanpia tTa Majbra, BU3HAYalOTbCS IPUCKOPEHNUM 3pOCTaHHAM. [I14 YkpaiHu o6rpyHTO-
BaHO NPIOPNUTETH MOJAIBIINX JOCTIIKEHb: OLiHKa eeKTUBHOCTI I1poBoi TpaHcHopMalii B yMOBAX 0OMEKEHIX
pecypcis, interpauis IKT ta IIII y Tpagnmiizi Bupo6Hmrdi it cepBicHi cekTopy, iffeHTM(IKALisT YMHHNKIB CTUMYIIIO-
BaHH:A NUQPPOBMX iHHOBAIIIIL.

PesynbraTu [OCHIKEHHA MOXYTh CTaTU HAayKOBOIO OCHOBOIO /1A BIOCKOHAJIEHHsA CTpaTeriyHuX NOKYMEHTIB
oo uudposisarii eKOHOMiKM YKpaiHu, CTUMYTIOBaHHA BUCOKOTEXHONIOTIYHUX CEKTOPIB, MiITPUMKI TpagULiHIX
ramyseit yepes goctyn go 11, crangapTusanio pilieHb i HABYaHHA NEPCOHANY i ypaXyBaHHA €BPOIEICbKUX PETYIA-
TOPHUX IiIXOAiB Iy iHTerpanii yKpaiHcbKoi mpoMucnoBocTi y nudposuii mpoctip EC.

Kniouosi cnosa: wimyunuii inmenexm (IIII), yudposizauyis, 6ucokomexHonoziumi 2anysi, depuasHa nonimuxa,
iHHOBAUiT, NpoMUCTO8ICMY, YUPposa mpancPopmais
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