NOAATOK A

["padhiuHMIA MaTepian aTecTauiiHoT po6oTK

[opatok A.1 — TUTYNbHWIA NUCT

MIHICTEPCTBO OCBITU TA HAYKM YKPAIHM
XAPKIBCbKM HALLIOHOABHUI YHIBEPCUTET
PAAIOEAEKTPOHIKM

PakyAbTeET (KOMMN'IOTEPHOI IHXEHEPII TA YIPOBAIHHS))
Kadbeapa «(EAEKTPOHHUX OBYUCAIOBAABHUX MALLIMHY

ATECTAUIMHCO poBoTa
_ HQ TEMY; ‘ _
AOCAIAKEHHS CUCTEMM YNPABAIHHSA MOOIABHMX POOOTIB
TA PO3POOKA AATOPUTMY MOLLIAPOBOI AOKOAI3ALL
00’ €KTIB MPUB' A3KM

BukoHas: cT. rp. ClNm-18-3 AykatumH O.B.
KepisHuK: CT. BUKA. EpbomiHa H.C.

[opaTtok A.2 — MeTa Ta aKkTya/lbHICTb po60TH

MeTa Ta aKTyaAbHICTb pob6oTu
MeToto arecralifiHol poboTH € Po3pobKA AATOPUTMY MOLLAPOBOT
ACKaAizaLi o6'ekTiB NpmBe'83kK

OG’ekTOM AOCAIAXKEHHS € Npouec HaBIrauii MP 3 BUKOPUCTAHHAM
KOPEAHLLiI;IHO-eKCTpeMOAbH!/IX CHUCTEM.

MpeAMeTOM AOCAIAXKEHHA € METOAM CPOPMYBAHHS YHIMOATABHO!
BMPILLIAABHOT dOYHKLLT 9K KOMOHAM HO KOpeKLUIilo TpaekTopii moAsoTy MP.
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Hopatok A.3 — MobinbHi poboTn

MoGiAbHI poboTu

oneparop
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Y 3araabHomMy BUMNAAKY PoBOTH AIAITBCS HO ABA

I}H KOHABYL EIEMEHTH
MOGUIBHOTO PodoTa

piBCHb

BEAMKI KAQCH:

» MaHIinyAsLUifHi; Tax
piBeHE

= MoBiAbHI.

[oGyaosa tpackTopii
nepesinenis g

Cucrtema ynpasaiHHS nepemilieHHam MP
cTpaTerivHmii

npeACTaABAeHA TpMpiBHEBOlO CXEMOIO | BKAIOYTE pieent.

CTpATeriqHMiM, TaKTUYHUIM | BUKOHABYMIA PiBHI.

Cencopai cuctenmi i
JIATIMEM CTAHy
1

[oynosa Mogeni
SOBHILHEOTD cepeacana [~ |
Obpobka cencopuoi
indiopmanii

FORHILIHE CepeioBnE

Hopatok A.4 — HasirauiriHi cuctemm MP

HasirauinHi cuctemu MP

IHepUIaAbHI:

= ripoctabiaizoaHi (NnaaTtdbopmHi);
= BecnaatchOpMEHHI.

13 30BHILLIHIMM OpPIEHTMPOMMK

= CYMYTHWKOBI;

= ACTPOHOMIYHI;

= POAIOHOBIrALLIMHI;

= MipO- | MArHITOMETPUWYHI;

= 3QCHOBAHI HO AHAAI3I BIAEOMOTOKY.
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Hopatok A.5 — IHepuianbHi HaBirawinHi cuctemm

IHepLUiaAbHi HABIrawiMHi cuctTemu

6 BUMIPIOBAHUX 3HAYEHb!
= [IPUCKOPEHHS MO TPLOX OCHX;
* KyTOBi LUBMAKOCTI MOBOPOTY HOBKOAO TPbOX OCEM.

3AraAbHUIM HEAOAIK IHEPLLIAABHMX HABIFrALIMHMX CUCTEM — NOXMBKM 3pOCTAOTh
MPOoMopLMHO Yacy.

[opatok A.6 — KopensiuiiHo-eKCTpeManbHi HaBiravuiiHi cuctemu

KopeAauinHO-eKCTPeMAAbHI HaBIrauwinHi cuctemu

AHENWa KD
CermenTayii | Kb - -
KOYEaHHA 13
KA 3 srpeninn
g (ORI g [} s o -»
“ KA gipe M| mpepeascam Lol
It Ll o - )
o e KA 3 s b Fiamngemen W e
- e wy
Mogngiscasan
ol cnmrpan ki P
KA e i
Diaisevems ncciing
b Lp{ e Lo
ra ne e g e LI
amanen]
e >
e e
L e Crepsocesnions
JFU— "
lol e L]
M ETRp— [ re—
fet - o K3
™ ™ magKin B e
[— bl -
Lot cosparean s i ks
-
e - £ PR, ™
Masgiesunsa
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[opatok A.7 — ANropuTM NoLwapoBoi Niokanisauii 06°eKTiB MPUB’A3KM

Anroputm nowapoeoi
rnokanizauil o0’ekTiB
NPUB’A3KN

Kinbkicrs nixis. LT

un Fayecin
wiysay o 113

O i Th
/W...,,m.n/ / T /

[opatok A.8 — Bubip eTanoHHOro 306paXKeHHs

Bubip etanoHHoro
300paxeHHsA

} =




Hopatok A.9 — MNpuKnaam XM6HNX XMOHUX 06’ EKTIB

Mpuknagm XO on

Mpuknagun xMbHux
XMOHUX 00’ EKTIB

Hopatok A.10 — B1bip NOTOYHOro 306paXKeHHs

Bubip noto4Horo
300paxeHHsA
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Hopatok A.11 — Pe3ynbTaTt 064mcneHHss BO

Pesynbrat
obuucneHHa BO

[opatok A.12 — Pe3ynbtaTt 064mcieHHss B® nicns 3acTocyBaHHSA MOPOroBoro

PiBHSA

Pesynbrar
obuncneHHa B®
nicns 3acTocyBaHHSA
MNOPOroBOro piBHA

08
08 -

08 <
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[opatok A.13 — Pe3ynbTar fiokanisauii 06’eKTa npuB’s3Ku

Pesynbrar
nokamizadil 00 ekra
NnpuUB A3Kn

Hopatok A.14 — O6’€eKT 3HallAeHWIA 3a JONOMOIO airoOpUTMa NoLLapoBOi

nokanisauii Orl

O6 eKT 3HanaeHWn 3a
AOMNOMOFOH
anropuvrTma
NOLapoBol
nokanizadii Orl
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Jopatok A.15 — BUCHOBKM

BucHoBku

Y xoai BUKOHAHHS aTecTauiMHoi poboTi ByAO NPOBEAEHO AHAAI3 CUCTEM
HaBirawii MoBiAbHUX poBOTiB, a came: IHEPLLIAABHMX TA KOpeASLiMHO-
ekcTpemanbHux cuctem Hasiraull (KECH). byao npoaHanaizosaHo orasaoso-
MNOPIBHAABHUIA METOA, FKMIA AOLLIABHO BHMKOpMcTOBYBATH B KECH. ByAa
po3pobaeHa BUPILLIAABHA dOYHKLS MOPIBHAHHS NOTOYHOrO 30BpaXkeHHs 3
ETAAOHHUM HO OCHOBI K0T BYAO PO3POBAEHO AATOPUTM MOLLAPOBROI
aokanaizauii OfN Ta NnposeAeHO BIANOBIAHE MOAEAIOBAHHS 30 AOMOMOTOIO

NporpamHoro cepeaosmuLa MATLAB.
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Abstract. Today, computing platforms are a booming industry.
However, a fhuge gap in the itechnology of “artificial
intelligence”  and its  important  component  paris
understanding scenes and images — is, in fact, a major limiting
Sfactor for further development of complex control systems. In
this article we consider the basic classes of math

models, depending on the field of application, can pass from
the class of simulation models to the class of abstract ones, and
vice versa [3].
1L

C the basic classes of mathematical models used in

PROBLEM SOLUTION AND RESULTS

4

models used in the development of practical image analysis
systems currently.

image analysis, their differences and peculiarities.

Image as a function of vector argument

Often, lhc 1mt:al description of an image in practice is a
two-dir | ity function.

Keywords: machine vision, image analysis,
modeling, abstract modeling, mathematical model.

L INTRODUCTION AND PROBLEM STATEMENT

Machine vision is a scientific field in the field of artificial
intelligence and robotics, as well as related technologies for
obtaining images of real-world objects, their processing and
use of the obtained data to solve various kinds of applied
problems without human intervention.

In various technical problems in the field of machine vision

Many methods of image analysis, in which images are
dered as two-d fi suggest that the
concepts of addition and multiplication of functions,
multiplication of a function by a number, scalar product of
functions, norm of a function, linear space, ete. are defined. All
these concepts can be transferred to the domain image analysis
all known methods and results from the field of linear algebra

and vector spaces [2].
It is also often assumed that function images are the

c 1onal

chosen certain basic ways of describing reality. Let's see in
which cases it is better to use some methods, and in which
others. There is no single universal solution here, but at the
most general level, as two “extreme” poles, two basic
ﬁmdamcnlally different approaches can be mentioned here:

ion  (physical) deli and abstract (brightness-
geometric) modeling[1].

Simulation in the field of machine vision involves an
attempt to describe some real physical object and a real
physical device for acquiring an image of this object. The
advantage of this approach is the compl and reliability
of the simulation results, as well as the guaranteed quality of
image analysis methods based on simulation models. The
disadvantages of the simulation approach are associated with a

d number of times continuously integrable and
dﬂTcm‘luabIe This allows you to transfer to the field of image
analysis all known methods and results from the field of
functional analysis [4].

Representation of the image in the form of a set of points

Representation of the image in the form of a set of points
makes it possible to determine the operations of union,
intersection, addition, and the inclusion relation for images,
thereby extending to the field of image analysis methods and
results from the field of set theory [5].

Image as a topological object

An image presented as a collection of points (point pattern)
can be considered as a topological object, 1.e. described in
terms of topological elements: connected areas, boundaries of
arcas, connected lines and isolated points. Accordingly,

disproportionate amount of labor at the stage of compiling the
model and too much experimental data needed to build the
simulation model.

Abstract modeling proceeds from the most general
considerations about the nature of the analyzed objects and the
way they are registered. Such an approach in the literature is
sometimes called iconic [2]. The advantages of the iconic
approach are that when developing image analysis methods, a
minimum of a priori information about a real observation
situation is required. The main drawback of abstract modeling
is determined by the high probability that a method developed
for a too general model will wrn out to be either generally
inoperative or substantially less effective in practice than
methods created based on models that are specific to this task.

In practice, both approaches are rarely found in their pure
form. Often, developers start from general abstract models,
which are then gradually concretized and adapted to the
available real data, thereby approaching simulation models. At
the same time, it must be considered that the same methods and
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topol | similarity measures and topological transformations
can be defined that preserve or change in a certain way the
topological properties (number and ratio of topological
elements) of an image. Thus, presenting an image in the form
of a list or a set of points also allows you to transfer methods
and results from the field of topology to the field of image
analysis. In particular, the theory of coatings, being transferred
to the field of analysis of discrete binary and then grayscale
images (regarded as “shadows™), led to the creation of Serre's
mathematical morphology [6].

If, in addition, we are dealing with metric space, then all
methods of cluster analysis are automatically applied to lists of
image points [7].

Image as a geometric object

After topology and metric were introduced on the sets of
points, the next step was to consider images as geometric
objects.

From the field of analytic geometry, image analysis
borrows the following basic elements:
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- g ric fi ions of images, properties of these
transformations;

— parametric description of the sets of points in the
coordinate space;

— “Geometric logic” (reduction from planimetry and
stereometry, rules of geometnic inference);

— ways to build and find figures.

However, this approach is still not based on physical, but
on geometric modeling, since it is traditionally limited by
considering the geometry of the survey and does not imply an
analysis of other physical factors affecting the quality of the

resulting image.

The matt ical apparatus used in photogr Y is
entirely based on stercometry, projective geometry, and
ic optics,

Analysis of images based on models can be idered as a
kind of “generalized geometry”, the differences of which from
classical geometry are as follows.

— Bright-geometric aspects. Here the difference compared
to the classical geometry are continuous in the transition
from points, lines and surfaces to discrete lines, areas
and volumes; shifting the focus of attention from simple
and “right” figures to complex nonanalytic forms; the
r of the idered g ic objects of
additional non-geometric characteristics  (intensity,
color, etc.).

— Logical-probabilistic aspects. Classical geometry never
considers false, interfering, or inaccurate data. In this
regard, the classical problem of substantiating the
conclusions and decisions obtained also receives a

Further, this approach can be developed by bining it
with a structural approach. The task of sterco reconstruction, as
well as the task of detecting and identifying objects, is thus
reduced to the problem of optimal indexing of a three-
dimensional structural graph in an image or ensemble of stereo
images [3].

Used in the modern literature on machine vision, the term
high-level model involves solving this problem of
identifying (linking) a three-dimensional structural model of an
object.

1. CONCLUSIONS

The analysis of the subject area showed that although for
each individual task of analyzing images one or the other
1 of 1 ical models show themselves better than

broader interpretation in the analysis of images. The
rationale for the decision can be strictly logical, but
more often it is probabilistic or fuzzy.

— Computational aspects. The specifics of modemn image
analysis tasks are determined by the need to consider

the others, but for the task of localizing the binding objects of a
system of mobile robots, the most universal from the point of
view of flexibility and ease of use is the representation of the
image in the form of a set points. flexibility and ease of use, we

the specific architecture, memory size and perfc
of a given computer under the indicated restrictions on
these parameters.

Image as a set of independent features

The image as a set of independent features represents the
completion of the idea of representing the image as a set of
independent informative elements. In this case, there is a
transition from an arbitrary set of informative elements
(geometric points, information vectors) to a more rigid
structure — an ordered set of informative elements of a given
size, that is, to a feature vector.

Image as a structure

Structural models of images make it possible to transfer to
the field of image analysis all known methods and results from
the ficld of structure analysis, which, however, itself was
created under the significant influence of problems from the
field of geometry and image analysis. In general terms, the
definition of a structural model can be represented as: “a set of
elements of given types that satisfy a set of conditions that
describe the relationships of given types™ [3].

Image as a two-dimensional projection of a three-
dimensional scene.

The photugmmmctnc appmch [8]. which consld:rs
individual images and ofi as two-di
projections of three-dimensional scenes recorded using optical
systems of a specific configuration (distances and angles
between cameras, passport data and distortions of camera
lenses), of course, is an essential step towards simulation.

highlight the fund | criteria when choosing a target
mathematical model.
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