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BI/IXiI[HI/Iﬁ KOJ JIA CKCIICPUMCHTAJIbHUX I[OCJIi,ZI}KeHB
import torch
import torch.nn as nn
from torch.autograd import Variable

import numpy as np

import torch

import torch.optim as optim

from spotlight.helpers import repr model

from spotlight.factorization. components import predict process_ ids

from spotlight.factorization.representations import BilinearNet

class ConvNet (nn.Module) :

def init (self, input dim, output dim, stride=1, padding=0):

super (cnnBlock, self). init ()

self.convl = nn.Conv2d(input dim, output dim, kernel size=l)

self.conv2 = nn.Conv2d(output dim, output dim, kernel size=3,
stride=1)

self.conv3 = nn.Conv2d(output dim, output dim, kernel size=3,
stride=1)

self.relu = nn.RelLU()

self.bnl

nn.BatchNorm2d (output dim)
self.bn2 = nn.BatchNorm2d (output dim)

self.bn3

nn.BatchNorm2d (output dim)

def forward(self, x):

out = self.relu(self.bnl (self.convl (x)))

out self.relu(self.bn?2(self.conv2 (out)))

out = self.relu(self.bn3(self.conv3(out)))

return out
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model = ConvNet ()

criterion nn.CrossEntropyLoss ()

optimizer = torch.optim.Adam(model.parameters(), lr=learning rate)

def train(model, device, train loader, optimizer, criterion, epoch,
steps per epoch=N):

model.train ()

train loss = 0

train total = 0

train correct = 0

for batch idx, (data, target) in enumerate(train loader, start=0):

data, target = data.to(device), target.to(device)

optimizer.zero grad()

output = model (data)

loss = criterion (output, target)

train loss += loss.item()

scores, predictions = torch.max (output.data, 1)
train total += target.size(0)

train correct += int (sum(predictions == target))
optimizer.zero grad()

loss.backward()

optimizer.step ()
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acc = round((train correct / train total) * 100, 2)

print ('Epoch [{}], Loss: {}, Accuracy: {}'.format (epoch,
train loss/train total, acc), end='")

wandb.log ({'Train Loss': train loss/train total, 'Train Accuracy': acc})

output batch = model (train batch)

loss = loss_ fn(output batch, labels batch)

optimizer.zero grad()

loss.backward()

optimizer.step ()

import numpy as np

import torch
import torch.nn.functional as F

import random

activation getter = {'iden': lambda x: x, 'relu': F.relu, 'tanh':
torch.tanh, 'sigm': torch.sigmoid}

def gpu(tensor, gpu=False):

if gpu:
return tensor.cuda ()
else:

return tensor



def

def

def

cpu (tensor) :

if tensor.is cuda:
return tensor.cpu/()
else:

return tensor

minibatch (*tensors, **kwargs):

batch size = kwargs.get ('batch size', 128)

if len(tensors) == 1:
tensor = tensors[0]
for i in range (0, len(tensor), batch size):
yield tensor[i:i + batch size]
else:
for i in range (0, len(tensors[0]), batch size):

yield tuple(x[i:1 + batch size] for x in tensors)

shuffle (*arrays, **kwargs):

require indices = kwargs.get ('indices',6 False)

if len(set(len(x) for x in arrays)) != 1:

raise ValueError ('All inputs to shuffle must have

'the same length.')

shuffle indices = np.arange (len(arrays[0]))

np.random.shuffle (shuffle indices)

if len(arrays) ==
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BinomicTe kBamidikaiiitnoi poooTu
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