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This paper considers a method for denoising the image generated every
frame after the path tracing step. The noisiness of the image after path tracing is
inherent to the path tracing rendering (due to stochastic nature of selection of the
vector that ray propagates along after hitting a rough surface). Thus denoising
the image i1s essential for producing a visually appealing picture. Machine
learning techniques for denoising are very promising due to their ability for
many unapparent nuances. For instance which areas of the image require more
processing, and which can make do with less. It could increase performance,
which in turn allows for better picture rendered overall.

VY nocaigpKeHH1 po3rislaeTbcs METOJ] YCYHEHHs IIyMy 3a JI0IIOMOTOI0 Ma-
IIMHHOTO HaBYaHHA. BiH MOPIBHIOETHCS 3 3arajibHOJOCTYNHUM MeTosioM 3 SDK
OptiX, kUi TaKOXX Ipallo€ Ha OCHOB1 aJiTOPUTMIB MAalIMHHOTO HaBuyaHHA. L1
METOAM OLIHIOIOTHCS Ta MOPIBHIOIOTHCA 100 iX €(PeKTUBHOCTI, 00YNCITIOBAIb-
HOT CKJIQJIHOCTI Ta MPUJATHOCTI B IIpOrpaMax TpacyBaHHs IPOMEHIB y peaibHO-
My yaci. B qociniizkeHH1 TakoK po3risiAaloThCsl MaTeMAaTHYHI OCHOBH LIMX aJlro-
PUTMIB Ta HANPSIMKU MMOJAIBIIOTO PO3BUTKY.

Pucynok | — YcyHeHHs myMy 3 BUKOPHUCTAHHAM
mTyuHoro intenexry (OptiX) [1]
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3a OCHOBY B3STO pYILIiil peHACPUHTY 3 TpAacyBaHHSIM MPOMEHIB, 10 Hajaa-
erbecsi 010mioTekor0 OptiX. Tectn nmpoBoauTUMyThes Ha BigeokapTi NVIDIA
RTX 3060. O6panuii anropuT™M YCyHEHHs LIyMiB IHTEIpPOBAHO B pyIliil, a fK-
ICTh AJITOPUTMY aHaNI3yEThCA 32 TAKUMH MOKa3HUKaMHU, K 4ac Ha B1IMAaJIFOBAH-
HS Kajpa 1 AKICTb OTPUMAHOTI0 300paKeHHS.

Merton peanizoBaHo Ha OCHOBI mojneni PekypentHoro ABTtoeHkoaepa [4],
sKa HaBYEHA Ha BI3yalli3allisX INIMOOKOro TpacyBaHHsS (HE B peajlbHOMY 4aci)
cueH y Unreal Engine 5.

[TopiBHAHHS METO/AIB YCYHEHHS IIYMIB CHPHSIE POZYMIHHIO IXHIX CUJIbHHX 1
c1a0KUX CTOpIH y CLIEHapisiX TpacyBaHHS POMEHIB y pealibHOMY 4aci. Kpim To-
ro, iHTerpaumiss BUOpaHOro MeToAy B pywiid Ha ocHOBI OptiX neMOHCTpye
HOro MpakTHUYHE 3aCTOCYBaHHS, MOXJIMBICTh IHTErpaiii B ICHYIOUl MPOEKTH,
Ta MOTEHUlakd s MalOyTHIX YJIOCKOHaJeHb, 110 WTUMYTh 3 O10J10TEKOI B
MaiiOyTHBOMY.

Pe3ynpratu 1pOro AOCIIKEHHS MOXYTh JONOMOITH PO3POOUTH OUIbII
e(eKTUBHI Ta BI3yaJlbHO MPUBAOIUBI pyllii 3 TpacyBaHHSAM MPOMEHIB y peallb-
HOMY Haci.
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